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Abstract: Global Navigation Satellite Systems (GNSS) in precision agriculture (PA) represent a
cornerstone for field mapping, machinery guidance, and variable rate technology. However, recent
improvements in GNSS components (GPS, GLONASS, Galileo, and BeiDou) and novel remote sensing
and computer processing-based solutions in PA have not been comprehensively analyzed in scientific
reviews. Therefore, this study aims to explore novelties in GNSS components with an interest in PA
based on the analysis of scientific papers indexed in the Web of Science Core Collection (WoSCC).
The novel solutions in PA using GNSS were determined and ranked based on the citation topic
micro criteria in the WoSCC. The most represented citation topics micro based on remote sensing
were “NDVI”, “LiDAR”, “Harvesting robot”, and “Unmanned aerial vehicles” while the computer
processing-based novelties included “Geostatistics”, “Precise point positioning”, “Simultaneous
localization and mapping”, “Internet of things”, and “Deep learning”. Precise point positioning,
simultaneous localization and mapping, and geostatistics were the topics that most directly relied
on GNSS in 93.6%, 60.0%, and 44.7% of the studies indexed in the WoSCC, respectively. Meanwhile,
harvesting robot research has grown rapidly in the past few years and includes several state-of-the-art
sensors, which can be expected to improve further in the near future.

Keywords: citation topics micro; GNSS; multi-constellation receivers; precise point positioning;
simultaneous localization and mapping

1. Introduction

The successful application of Global Navigation Satellite Systems (GNSS) in precision
agriculture (PA) has revolutionized farming practices, offering significant benefits in terms
of improved efficiency, productivity, and sustainability [1]. GNSS technologies, such
as GPS, GLONASS, Galileo, and BeiDou, have been widely adopted in PA applications
worldwide [2]. GPS, originating from the United States, has been utilized since its full
operational capability was achieved in 1995. Its development traces back to the 1970s as a
military project. Similarly, GLONASS, developed by Russia, reached full operational status
in 1995 after a development process initiated in the 1970s for military purposes. Galileo,
initiated by the European Union, commenced its services in 2016, offering an independent
global navigation system with primary civilian purposes. In contrast, BeiDou, developed
by China, initially provided regional services in 2000 and achieved global coverage in
2020. These GNSS systems are a cornerstone in various well-documented aspects of PA,
including field mapping [3], agricultural machinery guidance and steering [4,5], variable
rate technology (VRT) [6], and yield monitoring [7].

GNSS receivers, in conjunction with Geographic Information Systems (GIS), allow
for exact field boundary determination and accurate mapping of field features such as
roadways, irrigation systems, and drainage networks [8]. This data provides the foundation
for further precision agricultural activities such as VRT, yield monitoring, and crop scouting.
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A thorough understanding of the field’s characteristics and spatial variability allows for
the optimization of input utilization, customizing management strategies, and waste
minimization, resulting in enhanced resource efficiency and cost savings [9]. The precise
guidance and automated steering capabilities of GNSS-based systems contribute to more
consistent seed placement, fertilizer application, and other field operations, resulting in
improved crop uniformity, optimized input usage, and increased yields [10]. Map-based
VRT systems utilize GNSS positioning to deliver site-specific applications of inputs, such
as fertilizers, pesticides, and irrigation water [11]. By integrating GNSS data with yield
maps, soil maps, and other relevant spatial information, these data are used for the creation
of prescription maps that guide VRT equipment to apply inputs at different rates according
to the specific needs of different areas within a field [12]. VRT systems further enable
optimization of input usage, minimizing environmental impact and maximizing crop
productivity by adjusting inputs to the specific requirements of different soil types, nutrient
levels, and crop growth stages. Yield monitoring has been significantly improved through
the use of GNSS in PA [13]. GNSS receivers integrated with yield monitoring systems
precisely measure and map crop yields across the field. By correlating yield data with other
spatial information, such as soil maps and management practices, valuable insights for
future growing seasons are produced into the factors influencing yield variability within
a field [14].

Despite the gains, there are still several research gaps in the use of GNSS in PA that
need to be filled. One disadvantage is the reliance on satellite transmissions, which can
be hampered by signal blockages and atmospheric conditions [15]. Satellite signals may
be obscured or diminished in locations with extensive vegetation, tall structures, or steep
terrain, resulting in lower positioning accuracy [16]. Such constraints can have an impact
on the dependability and robustness of GNSS-based systems, especially in complicated
agricultural settings. As a result, more research and development are required to improve
signal reception and processing algorithms in order to offset the impacts of signal blockages
and multipath interference [17]. Another GNSS restriction in PA is the requirement for
precise and up-to-date georeferenced data for optimal decision-making [18]. While GNSS
offers precise location data, the accuracy of other spatial data layers like soil maps, yield
maps, and topography data might vary [19]. Therefore, efforts should be made to improve
data collection methods, data integration, and data validation processes to ensure the
availability of accurate and high-quality spatial data for PA applications. Additionally, there
is a need for user-friendly and interoperable PA software and hardware solutions [20]. The
complexity of GNSS-based systems and the lack of standardization can present challenges
in terms of system integration, data compatibility, and ease of use [21].

While advancements in GNSS technologies have shown great potential in revolu-
tionizing farming practices, there are notable differences in the adoption and acceptance
of these solutions globally [6,22]. Among the scientific studies indexed in the Web of
Science Core Collection (WoSCC), there is a strong recognition of the benefits of GNSS
technologies in PA [23–25]. However, present reviews on this topic did not consider the
latest state-of-the-art GNSS improvements nor GNSS-based solutions in PA due to their
rapid development. Therefore, the aim of this review is to provide an up-to-date analysis
of the role of GNSS in PA, its latest development stages relevant to PA, and remote sensing
and computer processing-based novel solutions using objective metrics from the WoSCC.
The development of low-cost hardware and software solutions in PA has the potential of
rapidly increasing its implementation in agricultural practice and thus indirectly leading to
even larger advancements in research.

2. Methodology of WoSCC Search for Literature Review

The WoSCC was selected for the literature review in this study due to its present
dominance as an academic database, followed by Scopus [26]. The WoSCC consists of ten
indexes managed by the Web of Science [27], among which Science Citation Index Expanded
(SCIE), Conference Proceedings Citation Index—Science (CPCI-S), and Emerging Sources
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Citation Index (ESCI) were the most represented in search results The state of GNSS studies
in agriculture and PA indexed in the WoSCC was determined according to the advanced
search for the topic TS = (agriculture AND (GPS OR GLONASS OR Galileo OR Beidou OR
GNSS)) and TS = (precision agriculture AND (GPS OR GLONASS OR Galileo OR Beidou
OR GNSS)) for agriculture and PA, respectively. The “exact search” option was disabled
for all WoSCC search queries, searching the “topic”, “title”, “abstract”, “keywords”, and
“keywords plus” fields in the WoSCC. Therefore, all studies resulting from the search
queries were included in the review. The search date was 24 May 2023, which included all
studies indexed in the WoSCC up to 2022.

The search and analysis of the citation topic micro was performed as the subset of
generalized TS = (precision agriculture AND (GPS OR GLONASS OR Galileo OR Beidou
OR GNSS)) search query, including all studies which utilized GNSS in PA indexed in
the WoSCC. Since these studies had their citation topics micro-defined and classified by
the Web of Science, all results from the search query were retained in the review without
additional filtering. The citation topics micro included recently published classifications
of scientific studies by the Web of Science, including more than 2500 micro-level citation
topics. This classification is hierarchically below the Web of Science subject categories and
citation topics meso, enabling a specific and objective assessment of technologies used in
the search query.

3. State of GNSS in Scientific Studies Indexed in WoSCC Related to PA

According to the number of scientific papers indexed in the WoSCC, GPS is a domi-
nantly used GNSS system for both “agriculture” and “precision agriculture” topics, with
the annual number of scientific papers growing rapidly between 2000 and 2022 (Figure 1).
However, its overall application in agriculture has a more linear upward trend in compari-
son to PA, as represented by the coefficient of determination (R2) from linear regression.
The presence of broad GNSS topics is increasingly used in scientific studies with GPS, while
the studies which focus on other individual GNSS components (GLONASS, Galileo, or
BeiDou) remain relatively low.
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All four individual GNSS components had major upgrades in recent years, which
improved their overall performance in PA (Table 1). The upgrade of constellations with
new, modernized satellites (GPS, GLONASS, BeiDou) and the improved operational ca-
pabilities due to the addition of new signals (GPS, BeiDou) were the most represented
major upgrades.

Table 1. The most notable recent major upgrades of individual GNSS components and their impact
on PA.

Global Navigation Satellite Systems Recent Major Upgrades Impacts on PA References

GPS

GPS III satellites Improved signal strength [28]

L5 civil signal Increased resistance to multipath
interference and signal blockages [29,30]

GLONASS GLONASS-K satellites Increased satellite availability and
improved signal strength [31,32]

Galileo

Full operational capability Global coverage and constant and
reliable signal reception [33]

High Accuracy Service
An experimental service aiming to

provide centimeter-level
positioning accuracy

[34]

BeiDou

BeiDou-3 satellites Global coverage and constant and
reliable signal reception [35,36]

New signals (B1C, B2a, and B2b)
Improved positioning accuracy and

increased resistance to
signal interference

[37,38]

The United States was the global leader in the total scientific papers indexed in the
WoSCC with the topics of GNSS in combination with both “agriculture” and “precision
agriculture” (Figure 2, Table 2). China and India were the second and third-ranked countries
in terms of scientific production, with China as the leading country for its native BeiDou
system. Despite falling behind these three countries in terms of quantitative research
numbers, several European countries (France, Germany, England, and Spain) were among
the leading countries in PA research based on GNSS. While the majority of the world
countries had scientific contributions in this field, the vast majority of African countries
had no presence in the analyzed papers. Moreover, they would likely greatly benefit from
introducing GNSS in PA in greater quantity [39,40].

In addition to individual system developments, the integration of multiple GNSS
systems has gained prominence in PA. Multi-constellation receivers are becoming more
prevalent, allowing for simultaneous reception and processing of signals from different
GNSS systems [41]. This integration leverages the strengths of each system, improves
positioning accuracy, and enhances the availability of satellite signals, especially in environ-
ments where signal blockages are common, including dense vegetation and other physical
structures [42]. In terms of signal processing, the latest developments in multi-constellation
receivers focus on advanced algorithms that optimize the utilization of signals from mul-
tiple constellations [43]. By combining signals from multiple constellations, the receivers
can mitigate the effects of signal blockages, multipath interference, and ionospheric dis-
turbances [44]. This results in more reliable and precise positioning information, even in
challenging environments such as densely vegetated areas or urban landscapes. Another
notable development in multi-constellation receivers is the integration of additional sensors
to complement the GNSS positioning information. Inertial Measurement Units (IMUs)
are commonly integrated into these receivers to provide measurements of acceleration
and angular rates [45,46]. The combination of GNSS and IMU data enables the estimation
of attitude, velocity, and position with higher accuracy and improved robustness. This
integration is particularly beneficial for PA applications that involve dynamic machinery op-
erations, such as autonomous vehicles or robotic systems [47]. The precise positioning and
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orientation information derived from multi-constellation receivers with integrated IMUs
enables precise implement control, accurate path tracking, and obstacle avoidance [48].
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Table 2. Total number of scientific papers indexed in WoSCC per top countries for GNSS components.

Global Navigation Satellite
System

Total Studies Indexed in WoSCC during 2000–2022 Top Percentages of Published Papers per Country
“Agriculture” “Precision Agriculture” “Agriculture” “Precision Agriculture”

“GPS” 928 431
USA (28.3%),

China (10.1%),
India (9.4%)

USA (31.4%), China
(10.8%), Spain (9.2%)

“GLONASS” 37 20 USA (18.4%), Germany,
Russia (13.2%)

France, Germany,
USA (18.2%)

“Galileo” 34 10 USA (17.6%), England,
Spain (14.7%)

England, China (21.4%),
France, Spain (14.3%)

“BeiDou” 23 12
China (73.9%), England,
Germany, Poland, USA

(8.7%)

China (66.7%), Germany
(13.3%), England, Spain,

USA (6.7%)

“GPS” + “GLONASS” +
“Galileo” + “BeiDou”

+ “GNSS”
1110 534 USA (26.6%), China

(10.8%), India (8.8%)
USA (29.3%), China

(11.6%), Spain (9.5%)

The percentages of published papers per country were stated for the top three countries per category.

The absolute positioning using GNSS provides a moderate level of positioning geo-
metric accuracy, typically within a few meters [49]. However, for the precise operations
required in PA, additional correction techniques are employed to enhance the accuracy
to the centimeter level. One such method is the Satellite-Based Augmentation System
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(SBAS), which employs additional geostationary satellites to transmit correction data, thus
improving accuracy and integrity. For higher accuracy requirements, Real-Time Kinematic
(RTK) positioning is widely adopted [4], frequently as a Continuously Operating Reference
Station (CORS) network, consisting of permanent reference stations that monitor satellite
signals and provide correction data through internet or wireless communication. These
corrections are transmitted to the rover receiver in real time, allowing the rover to correct
its position with centimeter-level accuracy. RTK offers real-time feedback and is partic-
ularly useful for dynamic agricultural operations where immediate accuracy is crucial,
such as autosteering and precise implement control [50]. Network RTK further improved
the possibilities of RTK by utilizing a network of reference stations instead of a single
base station [51]. These reference stations are commonly distributed over a wide area and
collect GNSS observations continuously. Network RTK enables precise positioning over
larger areas, eliminates the need for a local base station, and enhances system flexibility
and availability. It is particularly beneficial for large-scale PA operations, where a single
base station may not provide adequate coverage [52,53]. Another advanced method is
Real-Time eXtended (RTX), a satellite-based correction service provided by various com-
mercial providers. RTX corrections are computed by a network of reference stations that
collect GNSS observations and send them to a centralized processing center [54]. The center
calculates precise correction data and broadcasts it to users via geostationary satellites or
internet connections. RTX offers wide-area coverage and eliminates the need for a local
base station, making it suitable for operations in remote areas, especially when real-time
communication infrastructure is limited or unavailable [55].

Both multi-constellation receivers and GNSS corrections, such as RTK and RTX, were
the cornerstone for the development of various remote sensing and computer processing-
based novel solutions in all aspects of PA. As represented by the top 15 citation topics micro
in the analyzed scientific papers indexed in the WoSCC with the topic of GNSS and PA
(Figure 3), several state-of-the-art solutions represent the latest advances in PA. While some
of them have been known for decades, including geostatistics and normalized difference
vegetation index (NDVI), these are continuously being researched in combination with
novel sensors and processing methods.
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4. GNSS in State-of-the-Art Remote Sensing-Based Solutions in PA

Among the top remote sensing-based solutions from the citation topics micro, NDVI,
light detection and ranging (LiDAR), harvesting robot, and unmanned aerial vehicles were
the most represented. While NDVI and LiDAR had a slightly growing representation in
both agriculture and PA studies, unmanned aerial vehicles and harvesting robots have been
rapidly researched since 2010 and 2016, respectively (Figure 4). While GNSS is a crucial
component of all these solutions, it was a primary focus of the research in slightly more
than 10% of the analyzed studies for NDVI, LiDAR, and harvesting robot (Table 3).
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Table 3. The total of scientific papers indexed in WoSCC with the primary focus on GNSS for the
remote sensing-based citation topics micro for the topic of GNSS and PA.

Citation Topic Micro NDVI LiDAR Harvesting Robot Unmanned Aerial Vehicles

Total with GNSS 62 27 9 7
Total without GNSS 602 206 82 1145

Percentage with GNSS 10.3% 13.1% 11.0% 0.6%

4.1. NDVI

NDVI is the most widely used vegetation index in PA that provides valuable insights
into plant health and vegetation vigor [56]. When combined with GNSS technology, NDVI
measurements are accurately georeferenced, allowing for spatially explicit analysis and
monitoring of crop conditions [57]. While multispectral sensors are traditionally mounted
on satellites and unmanned aerial vehicles (UAVs), satellite-based multispectral sensors,
such as those onboard satellites like Landsat and Sentinel, provide broader coverage of large
agricultural areas [58]. GNSS technology aids in the precise geolocation of satellite images,
allowing for accurate mapping of NDVI values across the agricultural landscape [59].
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Because satellite imagery is available in near-real-time, it allows for time-series analysis and
monitoring of vegetation dynamics throughout the growing season [60]. The handheld or
tractor-mounted radiometer is another type of sensor used for NDVI measurements [61,62].
GNSS receivers are commonly supplemented to these portable or tractor-mounted devices,
allowing for the exact localization of NDVI readings in specified fields.

4.2. LiDAR

LiDAR is complementary to vegetation indices, such as NDVI, by providing informa-
tion on the 3D structure of crops and the surrounding environment [63]. The hardware used
in PA, LiDAR systems includes a variety of components designed to acquire and analyze
precise 3D information, including GNSS for the precise georeferencing of point clouds [64].
Airborne LiDAR sensors, which include lasers, scanning mechanisms, and detectors, are
often installed on UAVs [65]. The laser beams image the plant canopy, terrain elevation,
and crop structural elements. GNSS technology is critical in these systems because it allows
for exact georeferencing of LiDAR data by syncing the sensor’s location and orientation
with the acquired measurements [66]. The aircraft or UAVs’ GNSS receivers should provide
precise location and timing information, ensuring that the LiDAR data is spatially aligned
with the agricultural area. Ground-based LiDAR sensors provide high-resolution data
at a smaller scale, allowing for detailed analysis of crop structure and individual plant
characteristics [67]. GNSS technology is employed in ground-based LiDAR systems to
precisely georeference the acquired data, linking the 3D measurements to their specific
spatial locations within the field.

4.3. Harvesting Robot

Unlike NDVI and LiDAR, harvesting robots provide more tangible hardware-based
results in PA, significantly improving the process of crop harvesting by automating labor-
intensive tasks [68]. The GNSS technology enables these robots to navigate and operate
with precise geolocation information, enabling efficient and accurate harvesting operations.
RGB cameras, as one of the key sensors used in harvesting robots, capture high-resolution
color images of the crops, allowing the robot to visually identify and locate mature or ripe
fruits or vegetables [69]. By integrating GNSS for accurate localization and computer vision
with RGB cameras for crop detection and identification, these robots can navigate through
fields and perform precise harvesting operations. The use of computer vision with RGB
cameras in harvesting robots provides several benefits and opens up new opportunities
in the field of PA [70]. RGB cameras image the crops, which are subsequently analyzed
with computer vision algorithms to extract the color, shape, texture, and other visual
characteristics of crops to differentiate between ripe and immature fruits and vegetables [71].
The force/torque sensor allows the robot to detect how much force is needed to harvest the
crops without harming them. When paired with GNSS technology, this sensor guarantees
that the harvesting robot delivers the necessary force with accuracy, resulting in safe and
efficient harvesting operations.

4.4. Unmanned Aerial Vehicles

PA researchers recognized UAVs during the past decade as a cost-effective and efficient
means of data collecting and processing [57,72]. When integrated with GNSS technology
and advanced positioning techniques such as RTK and Post-Processing Kinematic (PPK),
UAVs provide very accurate and exact geolocation capabilities, which improve the efficiency
of data collecting and processing in PA. PPK is a post-processing approach in which the
UAV captures raw GNSS data during flight and then refines the georeferencing after the
data is downloaded and processed offline [73]. PPK processes raw GNSS data from both
the UAV-mounted receiver and the ground-based reference station to provide positioning
information. This method reduces the requirement for real-time communication between
the UAV and the reference station, allowing for more data-collecting flexibility [74]. PPK is
especially beneficial in locations with little or no real-time communication infrastructure
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since data may be gathered and analyzed later when connectivity becomes available.
Furthermore, incorporating RTK or PPK capabilities into UAVs improves their autonomous
navigation capability [75]. UAVs may follow predetermined flight paths independently
with very accurate positional information, boosting data-collecting efficiency and coverage.
This is especially useful when scanning large agricultural regions or doing repeated flights
to track crop growth and changes over time [76]. The integration of GNSS into UAV aerial
spraying systems reduces the risk of spraying outside the designated zone, minimizing
environmental impact and optimizing resource utilization [77]. Moreover, GNSS improves
the safety of UAV aerial spraying operations through post-spraying analysis and evaluation.
The accurate positioning information recorded during the flight can be integrated with
other environmental data to assess the efficacy of the spraying operation, identifying areas
that require additional treatment or monitoring and optimizing future spraying strategies.

5. GNSS in State-of-the-Art Computer Processing-Based Solutions in PA

Among the computer processing-based citation topics micro that are related to GNSS
and PA, geostatistics is a dominant and well-accepted discipline, while the following
solutions represent recent novelties (Figure 5). In comparison with the remote sensing-
based solutions, those based on computer processing were much more directly related
to GNSS, including precise point positioning, simultaneous localization and mapping,
and geostatistics (Table 4). The Internet of Things and deep learning has seen a rapid
increase in the number of scientific papers indexed in the WoSCC with the GNSS topic,
while their primary focus was dominantly put on other developments. Despite that, the
strong tailwinds from the Internet of Things and deep learning research will likely improve
the use of GNSS in PA according to present trends.
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Table 4. The total number of scientific papers indexed in WoSCC with the primary focus on GNSS for
the remote sensing-based citation topics micro for the topics of GNSS and PA.

Citation Topic Micro Geostatistics Precise Point
Positioning

Simultaneous
Localization and

Mapping
Internet of Things Deep Learning

Total with GNSS 113 44 15 6 6
Total without GNSS 253 47 25 760 847

Percentage with GNSS 44.7% 93.6% 60.0% 0.8% 0.7%

5.1. Geostatistics

The traditional method of soil sampling is collecting a restricted number of samples
from a field, as it is an expensive and time-demanding procedure, and evaluating them in a
laboratory [78]. To provide an overview of the analyzed soil property in the entire field,
geostatistics was proven as an effective method for quantifying soil variability [79]. Kriging
is the most well-known geostatistical approach for estimating values at unsampled sites
using a collection of observed values at neighboring places [80]. The Kriging approach
describes the spatial autocorrelation of the data using a mathematical model called a
variogram, which is a measure of how similar the values of the data are as a function of
the distance between them [79]. In PA, kriging has been widely utilized to map the spatial
variability of soil, vegetation, and topography features [81,82].

Because soil parameters must be precisely georeferenced in order to evaluate spatial
autocorrelation, GNSS has become an indispensable instrument in PA for soil analysis [83].
GNSS data may also be used to generate digital elevation models (DEMs), which give
information on the field’s topography [84]. DEMs may be used to identify fields prone
to waterlogging or erosion and to design drainage systems that reduce exposure to these
events [85]. GNSS, combined with geostatistics, may also be used to collect agricultural
growth and production variability data. The yield data may be used to generate yield
maps that depict crop yield spatial variations across the field using geostatistics, identifying
zones with high or low production potential and modifying fertilizer and irrigation rates
accordingly [86]. Site-specific management using VRT, for example, is a PA strategy that
employs geostatistics and GNSS to adjust management practices to specific sections of the
field [87]. This method makes better use of inputs, eliminates the danger of over-application,
and lessens the environmental effect of agricultural activities [88].

5.2. Precise Point Positioning

By providing a real-time centimeter-level accuracy based on a single GNSS receiver,
Precise Point Positioning (PPP) provides additional flexibility in positioning in PA [41].
PPP employs a network of reference stations to give precise GNSS satellite orbit and clock
information, which is utilized to determine the receiver antenna location [89]. PPP can be
utilized in places where no reference stations exist, making it especially beneficial in isolated
or rural locations. It is also less susceptible to atmospheric and ionospheric disturbances,
which can cause inaccurate positioning with RTK and differential GNSS (DGNSS) [90].

Since PA requires high-precision mapping of soil parameters and crop yields in con-
junction with geostatistics, PPP supports the detection of spatial heterogeneity in the field.
PPP may also be effectively utilized for agricultural machinery guidance by giving precise
real-time location information to agricultural machines along specified courses [91]. This
enables VRT of inputs like fertilizer and herbicides precisely where they are required,
lowering input costs while also limiting environmental effects. These systems have several
advantages over manual steering, including enhanced efficiency, less operator fatigue, and
improved safety [92]. While manual guiding systems are simple and inexpensive, they
are also susceptible to human mistakes, which can lead to unnecessary inter-row overlaps
and skips [4]. Assisted guiding systems are more precise than manual guidance systems,
but steering corrections must still be made by the operator. Autosteering systems, on
the other hand, take full control of the machinery and direct it along a predefined course
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automatically [93]. These systems use PPP or other GNSS correlations with a variety of
sensors to deliver positioning information and automatically perform steering corrections.
In addition to the GNSS receiver, IMUs and cameras are also employed to offer additional
information about the vehicle’s surroundings and to assist the autosteering system in
making precise steering adjustments [94].

5.3. Simultaneous Localization and Mapping

Simultaneous Localization and Mapping (SLAM) is a PA technology that includes
building a map of an area while also determining the position of a robot or vehicle within
the environment [95]. The positioning information from GNSS signals is used to identify
the robot’s location inside the surroundings in relation to a set of specified landmarks [96].
Other sensors, including LiDAR, cameras, and IMUs, can also be used by SLAM to produce
a comprehensive map of the surroundings. The production of precise maps of fields and
orchards is an important use of GNSS-based SLAM in PA [97]. GNSS-based SLAM may
also be utilized for precise agricultural machinery guiding [98]. As irrigation is another
important part of agriculture, precision irrigation may assist in minimizing water use while
boosting crop yields. By producing precise maps of the field topography, it is possible
to recognize places within the field that require irrigation and apply water just where it
is required [99].

5.4. Internet of Things

The Internet of Things (IoT) has emerged as a critical tool in PA, allowing farmers
to collect real-time data from sensors and devices strategically placed across their fields
and farms [100]. GNSS technology is vital in IoT-based PA, delivering precise location and
timing data that is required by many IoT applications [101]. The collection of environmen-
tal data such as temperature, humidity, and soil moisture is one of the key uses of IoT in
PA [102]. For these sensors, GNSS technology offers accurate position information, guaran-
teeing that the data is connected to the proper location inside the field or farm. Monitoring
livestock health and well-being is another application of IoT in PA [103]. IoT sensors may
be fitted to cattle to monitor vital indications like heart rate, respiration rate, and body
temperature, providing early warning of health concerns that could jeopardize the animals’
well-being [104]. GNSS technology may be used to track the movement of animals inside
the farm, allowing farmers to monitor grazing patterns and detect underused farm regions.

5.5. Deep Learning

Deep learning has emerged as a strong tool for precision agricultural data analysis. GNSS
technology offers precise geolocation data for satellite images, enabling deep learning algo-
rithms to monitor crop growth and development across time [105]. Deep learning algorithms
may identify parts of a field that may require more irrigation, fertilizer, or pest control methods
by evaluating patterns in satellite imaging data [106]. Patterns and trends that may suggest
inadequate growing conditions may be recognized by evaluating data acquired with IoT
sensors using deep learning algorithms [107]. This data may be used to change irrigation
and fertilization schedules, ensuring that crops receive the appropriate amount of water and
nutrients at the appropriate time. GNSS technology may be used to geolocate these sensors,
giving the sensor data geographical context and allowing for more precise analysis [108].
Convolutional Neural Networks (CNNs) are commonly utilized in PA for image processing,
enabling recognition of specific crop traits or growth phases by utilizing GNSS technology
to offer precise geolocation information [109]. Overall, deep learning has the potential to
improve various present technologies as flexible tools in PA, including UAV imaging [110],
satellite imagery analysis [111], and livestock monitoring [112].

6. Conclusions

In conclusion, recent major upgrades in all four individual GNSS components have
significantly improved their overall performance in PA. The upgrade of constellations
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with new, modernized satellites, such as GPS, GLONASS, and BeiDou, along with the
addition of new signals, particularly in GPS and BeiDou, have been the most prominent
advancements. The United States has emerged as the global leader in scientific research
on GNSS in combination with precision agriculture (29.3% of global studies), followed
by China with 11.6% of global studies. European countries, including France, Germany,
England, and Spain, have also made significant contributions to PA research based on
GNSS, especially in the research based on individual GNSS components. However, the
majority of African countries have had limited presence in the analyzed papers, despite
their potential to greatly benefit from the introduction of GNSS in PA.

The integration of multiple GNSS systems has gained prominence in PA, with multi-
constellation receivers becoming more prevalent. This integration leverages the strengths
of each system, improves positioning accuracy, and enhances satellite signal availability,
especially in challenging environments with signal blockages. Advanced algorithms in
multi-constellation receivers optimize the utilization of signals from multiple constellations,
mitigating the effects of signal blockages, interference, and disturbances. Additionally,
the integration of additional sensors, such as IMUs, further enhances positioning accu-
racy and robustness, particularly for dynamic machinery operations in PA applications.
The analyzed studies indicate that PA has the potential to advance even further with
the help of GNSS technology thanks to the integration of remote sensing and computer
processing-based solutions like NDVI, LiDAR, harvesting robots, unmanned aerial vehi-
cles, geostatistics, PPP, SLAM, IoT, and deep learning. PPP, SLAM, and geostatistics were
particularly dependent on GNSS research, with 93.6%, 60.0%, and 44.7% of studies indexed
in WoSCC matched with the GNSS in topic search, respectively.

Nevertheless, there are still a number of research gaps that need to be filled in order to
fully utilize GNSS in PA. The main drawbacks of signal blockages, multipath interference,
and atmospheric circumstances have been addressed in recent studies on the subject. These
factors can impair the resilience and dependability of GNSS-based systems, as well as
the most advanced GNSS-based solutions for PA. To overcome present challenges and
maximize the potential of GNSS in transforming agricultural practices toward greater
productivity, sustainability, and efficiency, ongoing research and development efforts in
GNSS are still required. To ensure the availability of precise and high-quality spatial data for
precision agricultural applications, efforts should also be made to improve data-gathering
techniques, integration, and validation procedures. In order to solve issues with system
integration, data interoperability, and simplicity of use, it is also necessary to develop
user-friendly and interoperable precision agricultural software and hardware solutions.
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